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ABSTRACT 
Machine learning (ML)-based conversational systems represent a 
value enabler for human-machine interaction. Simultaneously, 
the opacity, complexity, and humanness accompanied by such 
systems introduce their own issues, including trust misalignment. 
While trust is viewed as a prerequisite for effective system use, 
few studies have considered calibrating for appropriate trust, and 
empirically testing the relationship between trust and related 
behavior. Moreover, the desired implications of transparency-
enhancing design cues are ambiguous. My research aims to 
explore the impact of system performance on trust, the dichotomy 
between trust and behavior, and how transparency might help 
attenuate the effects caused by low system performance in the 
specific context of decision-making tasks assisted by ML-based 
conversational systems. 
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1 Research Background and Aim 
Conversational systems have become a ubiquitous part of our 
everyday life, being characterized by increasing amount of data 
and model complexity [1]. While such technological 
advancements enable a more natural interaction, issues of opacity 
and complexity are exacerbated. Research narratives around 
anthropomorphism have framed our understanding of 
conversational systems and demonstrate the (unintended) 
implications of systems’ increasing agency [2]. Overall, the 

opacity, complexity, and agency associated with conversational 
systems give rise to the importance of trust. While “[t]rust is an 
important mechanism for coping with the cognitive complexity 
that accompanies increasingly sophisticated technology” [3], 
simply enhancing user trust is not reasonable per se as users 
might be induced to over-trust the system beyond its capabilities 
and performance [4]. To develop appropriate trust, researchers 
such as [5] have proposed efforts of system trustworthiness and 
thereby making system confidence or insights into underlying ML 
models transparent to the user.  
 
My goal is to map the discourses around how ML-based 
conversational systems produce, maintain, and modify (the need 
for) trust, and to highlight the relations between trust and 
downstream behavior. I aim to contribute to the field of trust and 
behavioral research by exploring the following research question: 
How does the accuracy and transparency cues of ML-based 
conversational systems affect user perceptions and behavior? More 
specifically, I plan to investigate whether and how variations in 
advice accuracy affect the user, as well as to what extent measures 
suggested to mitigate overtrust hold up to their claimed goal of 
preventing undesirable relationships with ML-based systems. I 
thereby consider 1) varying confidence and accuracy levels, and 
2) transparency statements as instantiated methods of system 
trustworthiness in different learning tasks and scenarios 
deploying ML-based conversational systems. 
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